Exploring Veo 3’s Capabilities for Generating Urban Traffic
Scenes in 76 Cities Worldwide

S 0]
WS W@ e W
» » XS T » g
» » X r = T X WS
ng w ng
Z wngl@ wu »
» ® W xS T » g
» » X x = T X ™S
ABSTRACT
T ssu ®rs »ow G g gwmrx
» s®™m ss s W s ms wr w or fli
S ™SS S » Pr PSS W S xsSs »
RS 11 S ws L) S U x
r wsrs rfli g s m s psgwsx wg r WS ¥ ss
s r w s s ) us
» ar o rs oW ®» sswuswg °Ss »
s w s PR gwm S qu s T rx wug
o« s ™SS w rs ssss  wm  wfirma
o wow ms rfis msw» g g
T XS WoW Ng » M WM W NgS NegWgSnw
S S x x mpr 1 sw S
x » wp n  rfi S WSS W
T swwawa rs s » S®M Sswg w W e
rfi s ms x X SS S PSSMmNWmE g
Xx xS
CCS CONCEPTS
« Computing methodologies — Image and video acquisition.
» mw wg. « Human-centered computing — Visualiza-

tion. « General and reference — Experimentation. Verification

KEYWORDS
Trfi s ms rss wwr Gnurx s m
ACM Reference Format:
S w ng wg » ng » P zZ WS
» rwg s s rGwnx wg r nTrfli S mswm’
s x ». x S 1 mgs ps// rg/
1 114 /meneeem R90Reeem
1 INTRODUCTION
T pr+ x m» Gnmrx r fi m gwm (Gmn )m
s[] s ff X ows pr ® XS ¥ RS W
% R W W X Ng Wr WP RRNg B WK R ur
®  SS w wg rs[ 4] ss rxfis ms » wu ng
M gs w ssr swwm wmm rswr s r s fi s

TSP W Ng W ¥

Conference’17, July 2017, Washington, DC, USA
S 14 / 1/
ws// rg/1 114 /RRRRNRN RRANRNRR

)

ng
z wngl@ wgus o
U WS ® xS

wgus G rg » S s o

X mNg W WX Ng
SWe WK R K g% W

s ssu s

1] wS ms[1] P srwm »om oMo

T wusm »m wm ws[1'] » mopw s
» s PUKP S S T N Mg X W

R oSN »nooox xopx »

=1
=1

S g% W
ng Trws W s Toxmax
8s S PS ruwr NS WNW s
Tauss TT w w1 S s
w8 [
us mr owoar ffxw
us vg
ms[1 ]
S wng S sr »r
X om wm e & X
RUr M RXS W » wer s T x  wap
(G xwa » ) Rmooppw s [ ]
s

ur s

Ut r ] Twr  wax s s »
smp st m wr mors

n R g x r oW xS

S
() »
P S T s g grp w BS W
» s rem
oo s s s rfl g uro® xs
S @@L ® g wWT . ssu s ( mws// /)
S ( s/l pw m/st) T Sw ( mps// swu )
s wm N we ') Pr WS Ng » w
s m gnr x s wr wmrfis msrm r ws
ns o mSs Pp S »
» G g » » ( ps// pwmw g §)
»ox S » XPESWMS W » g mx
oW S ¥
pr waps T s »mw

i

s w s s » o
mW Om xS
rfi s mx s «x s » R XK Opr s m »

» Ne S
8 s wa XS wr S r wpr WS

S@mrx » S sy S TR


https://orcid.org/0000-0001-9184-9963
https://orcid.org/0000-0002-8162-3482
https://orcid.org/0000-0001-8295-4024
https://orcid.org/0000-0001-9565-8240
https://doi.org/10.1145/nnnnnnn.nnnnnnn
https://doi.org/10.1145/nnnnnnn.nnnnnnn
https://doi.org/10.1145/nnnnnnn.nnnnnnn
https://veo3.ai/
https://openai.com/sora
https://ltx.studio
https://deepmind.google

Conference’17, July 2017, Washington, DC, USA Alam et al.

Figure 1: Counts of objects detected by YOLOv11x. ISO-3 code of the respective country are shown in brackets.
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sound

Figure 2: Mean sound intensity levels (in dBFS) detected in the videos, illustrating the variation in ambient traffic noise captured
by the model. The higher the value, the “louder” the video is, and vice versa.
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Figure 3: Counts of objects detected by YOLOv11x for the 10 videos generated for each of New York City (USA) and Kampala
(Uganda). Bars are ordered chronologically (oldest to newest), illustrating that Veo 3 can produce highly similar outputs for the
same prompt across different generations

Figure 4: A comparison between four independent raters for the perceived authenticity of the synthetic traffic scenes.

Swe S S Sugg S Wg s T r S w 4.1 Limitations and Future Work
wr w» or fli ¥ rs s T

=
w

Wrr R Sw WSS 11 x » »
W Mg W I » wr  rsusT 1

=
1]



Conference’17, July 2017, Washington, DC, USA

Alam et al.

Theme Description Example Quote
X g nNeW g ms S S T S PSSewWs X supp S r o ®mm x " row
» N g S r|r XS ¥ wxr x mor s wm r XS W
n o wg S xx X W xx
P m wr us rs x wsr pp rs| g S Pprsms P sr ms spp ¥ »pPS u ® rom
» S P xS sw s sx ng W w x ) X m 8
» xrm ®p XS W S mp IS O TRt » rox
» WS
nx S " RS WS X S W RS rs r X § X um roum oW x x .‘0; » sr
Xoowewsw W X X WSS wp rR X mg ¥ » XS ma W W
P s s sw XXM rwug P Sr W
sswmg ¥ rwg | Trfi ms m» sgos| T m » m S W o nms » xfi ms rxfi g s
rfi wms sgmns w » M SSwMg ¥ x x w rfl X Ng x » g ™ g s x n nNg
e s rwg M w swe W us x r ww p rfi g s r swg x » x
n g ffrm xS
"W Sr S s s » Sr o r X wg rm »y S x »us
s » st s i B o< ) by »p S noow Xs mpp ¥ s mow
S S » mSsSs x x nSsSw S W x non »n » nown
st s w »| oS x » wg S rfi ow x sw  mg ¥
WS S S ® ®Wgs
Table 1: Thematic analysis on mistakes in generated videos.
S o sS4 W™ S8 by ] x S Emerging Technologies: Artificial Intelligence & Future Appllcatlons IHIET-AI 2025
» rxXprsm r sp wS o owr s w TR » 4 — 1 4 41/ 1
. X [] S mox rms w P AR P osrow
S W . x & mr »a S § ™ pr @r SS S P w T X Ng T m wer s ® Trr r sT s s
» ol S N rg W xr Ssm® S P » o r  m Proceedings of the 17th International Conference on Automotive
User Interfaces and Interactive Vehicular Applications ( xs = wsr )
S ® mx » ;M r W S : ,
' & ' » (AutomotiveUl '25) ss » X mpu Ng »r x S
uw s i Y s T W ®pPpr Ss g @ 1114 / 44 s
fi w ®EgRgWT NS WS T WMm M ¥ s ssm [4] S m Sgr wr Pomr ox roes ow P
» s roew o ® e WS BT & WS Z NS » ™ Ng T x s Trfli ng s
8 voRE » ™S BX g 7 rss g wg W row ®s m 2025 8th International Conference
» S “wwr ®m sSS W™ m WX owWRRpr P wmS on Information and Computer Technologies (ICICT) S 1 -
111/ T4 4
xS X We SX re x s wr
X g &P & [1)snm » s 1 Generative Al with Python and TensorFlow
ne® TS su s mmw ( »s /1 m 'ﬁ‘:l) romzZmw 2: Create images, text, and music with VAEs, GANs, LSTMs, Transformer models
» Ter ( ws// ®owr W) Sspr us » P Pu s wg
. o I % owm ) R x 1
z WS [ '] "war s r = s W wp ss L1 z s o o » st b
! sr ms wmrfi s ms X s wr mg P rww w Proceedings
,
*xorer s m S » RS WU WNg »or ofInternanonal Conference on Applied Human Factors and Ergonomics (AHFE)
r s r S swu I r wmg s s Spr g x xS 1414 11 11
' " [1e zZ WS mox wow ) nox x s oar
aw b » pipr SS SSW W s x rsswgs mr wProceedings of
International Conference on Applled Human Factors and Ergonomics (AHFE)
r S 1 441/ 1 Ad4
5 SUPPLEMENTARY MATERIAL R
[]F z WS sw wor w ow ) 3 »ox s
R ow wrw o pwms wm o pr S ® r R ® RS Pr P ™ sw wswg s W smopr pusrmwm Frwm ox
' ' xg ws Trajﬁc Injury Prevention 1 ( ) 4 - 11 N
rXRSP XM M W W us rr s x [1,] w s o
) JRCN S ©¥rs r x S Supp r x pr W [1)sp» wgr)xr »nG » ®» wmss P ®oTg T ww
X AR o r A MRS W ﬁ T S?ﬂ,‘r Srs o) T ma us » TNZ " ng s r »
» wS [ x RS WX N} waws G
s rosrmp ®» w » §S x mS S ¥ MRRNgUT WS Ng O 1 “[® s ss
ms// rg/1 41 1/ 4 4 4 1 »1 ws/ix g/ s/ 1
[1] g r sx  ram 0w ng S wr x » e Ng
LA rsow s ws/lg wa/ g u wmas rswmwm wuPwn G wm x » W™ s T w
S wm/ wm rfli s » ws WS ww W s x w wm oW ws r mg w Proceedings of the
IEEE/CVF Conference on Computer Vision and Pattern Recognition 11 1-11 1
1 4 /x 1 1
REFERENCES [11] npu ng wWe W W ow w ww o NgwWr W X S
1 S P r r RS ® 72 ®s » P 7z BS e S wr s mpr » x  Remote Sensing of Environment
® TS W™ Ngs§ » srow wm s s m 41 ( ) uv 11/ 1
s» o«Tw () » «x [1] » w8 s W st » rGS we ®oxox »
0] S m P rws wm P 7 s Gunr wg Gr r s » m s Trws mar r ®m rs wag Sgwmn
s TrfiS wmr s ™oRg T svg G wx N ® w2022 IEEE/CVF Conference on Computer Vision and Pattern Recognition

s) w 13th Internatwnal Conference on Human Interaction &

(CVPR) 1 -1 111/ P 1


https://www.appen.com
https://www.mturk.com
https://doi.org/10.4121/5a2d4e43-dd3e-4705-90f0-e1f3fe3eb2fa
https://github.com/Shaadalam9/llm-traffic-scene
https://github.com/Shaadalam9/llm-traffic-scene
https://doi.org/10.54941/ahfe1005927
https://doi.org/10.1145/3744333.3747827
https://doi.org/10.1109/ICICT64582.2025.00034
https://doi.org/10.1007/978-3-030-80012-3_18
https://doi.org/10.54941/ahfe1002444
https://doi.org/10.1080/15389588.2020.1762871
https://doi.org/10.1080/15389588.2020.1762871
https://arxiv.org/abs/2210.08067
https://arxiv.org/abs/2210.08067
https://doi.org/10.48550/arXiv.1903.11027
https://doi.org/10.1016/j.rse.2020.111730
https://doi.org/10.1109/CVPR52688.2022.00135

Exploring Veo 3’s Capabilities for Generating Urban Traffic Scenes in 76 Cities Worldwide Conference’17, July 2017, Washington, DC, USA

[v] TMs xS m mrwS s m wms Tm rous w APPENDIX
z x xg » WS W Tm S 0w » m S 1
T s ps s xswmm wr ws w mw xs ®» wg ® Proceedings A FRAMES FROM THE GENERATED VIDEO
of the IEEE Conference on Computer Vision and Pattern Recognition 1 - o .
1 4 /x 1 41

[

S m ow » sSsu firs r wa

=

[14] P roxs m ™ S » P rPrm 1P srow XX Sp R Wg S W s ms gnmr
»oow w w s x  IEEE transactions on pattern
Ss » T rwas r @r w »Rw x

analysis and machine intelligence 4 4 ( 11) 4 =" 1 111 /TP 1 ' ¢ er wp ( '

1 s s e e p x WX » Swu
LI P z ®s * LAY G r s WX ) m ¥ rrwmg ™ gr su figar s i .

P rs mPjywmssm w Swm ws xr W BMOrs mw su figar s B, o " su

Srm s®™m wm P pp W xs rxgrx 4 mgng wmsT r pnwnS ewr g R ’ A ne

» pewss ® Trwsprm » u m sxr s «x ® Proceedings WP rsom s S s ® SS S m ur m

of the 16th International Conference on Automotive User Interfaces and Interactive ur s w s g »S

Vehicular Applications (S » x S ) (AutomotiveUl '24) ss »ox

wpn wg wr * S 4-1 10114/ 4 i
[1] »r sG grP » wz w» qu 1 sawm 1 X x row
»owows ¢ owg T TT s » ®» mrx su ® 2012 IEEE Conference

on Computer Vision and Pattern Recognition 4— 1 11/ P 1
4 4
[T]) » ws »CGu o » g MW ne n s s )ow
S mama  wmax mrog » P r w oras » T wuswm w
» wrs S r we » Pr » s x 144 [s ]
ws// x xg/ s/ 144
[v] zZ® ss e n » ) 4 "
ng Gwmrx n SS sswa W » International
Symposium on Intelligent Computing Systems Spr ng r  4— 11 )
1 144
1] G »w) rwm o Jwg w 4 Ultralytics YOLO11 ws//lg w W/
ux s/u x s
[ ] » s o e ss m ) rg s m »
T us o Tr ng s r » s m
S sw  mox g mow Pw & 4 11 [s ]
ws// x xg/ s/ 4 11
[1 = P waww 1 Principles of Digital Audio ( ) Or /T
s
[ 1P Suw WX X zZ$ Wr xS wow wr s
P w P oo Tsa j wma s Cu » u o Rg »oRw »
S AP OP OW X W MW WS T WG moopw s W

Proceedings of the IEEE/CVF Conference on Computer Vision and Pattern Recognition
44— 4 4 14 /x 11 4


https://doi.org/10.48550/arXiv.1604.01685
https://doi.org/10.1109/TPAMI.2011.155
https://doi.org/10.1109/TPAMI.2011.155
https://doi.org/10.1145/3640792.3675730
https://doi.org/10.1109/CVPR.2012.6248074
https://doi.org/10.1109/CVPR.2012.6248074
https://arxiv.org/abs/2006.14480
https://arxiv.org/abs/2006.14480
https://doi.org/10.1007/978-3-031-82931-4_4
https://doi.org/10.1007/978-3-031-82931-4_4
https://github.com/ultralytics/ultralytics
https://github.com/ultralytics/ultralytics
https://arxiv.org/abs/2405.11536
https://arxiv.org/abs/2405.11536
https://doi.org/10.48550/arXiv.1912.04838

Conference’17, July 2017, Washington, DC, USA

(a) Accra, Ghana

(d) Banjul, The Gambia

(g) Kampala, Uganda

(j) NDjamena, Chad

(b) Algiers, Algeria

(e) Bangui, Central African Republic

(h) Kinshasa, Democratic Republic of the
Congo

(k) Tunis, Tunisia

(c) Asmara, Eritrea

(f) Cairo, Egypt

(i) Lagos, Nigeria

(1) Zanzibar City, Tanzania

Alam et al.

Figure 5: Frames from Veo 3-generated dashcam videos showing daytime urban traffic scenes in major African cities.
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(a) Almaty, Kazakhstan

(d) Bangkok, Thailand

(g) Damascus, Syria

(j) Dubai, United Arab Emirates

(m) Kabul, Afghanistan

(b) Baghdad, Iraq

(e) Beijing, China

(h) Dhaka, Bangladesh

(k) Istanbul, Tiirkiye

(n) Karachi, Pakistan
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(c) Baku, Azerbaijan

(f) Colombo, Sri Lanka

(i) Doha, Qatar

(1) Jakarta, Indonesia

(o) Kathmandu, Nepal

Figure 6: Frames from Veo 3-generated dashcam videos depicting daytime urban traffic scenes in major Asian cities (I).
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(a) Kuala Lumpur, Malaysia

(d) Muscat, Oman

(g) Riyadh, Saudi Arabia

(j) Tehran, Iran

(b) Malé, Maldives

(e) Phnom Penh, Cambodia

(h) Seoul, South Korea

(k) Tokyo, Japan

Alam et al.

(c) Mumbai, India

(f) Pyongyang, North Korea

(i) Tel Aviv, Israel

(1) Yangon, Myanmar

Figure 7: Frames from Veo 3-generated dashcam videos depicting daytime urban traffic scenes in major Asian cities (II).
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(a) Amsterdam, Netherlands

(d) Berlin, Germany

(g) Dubrovnik, Croatia

(j) Lisbon, Portugal

(m) Oslo, Norway

(b) Athens, Greece

(e) Brussels, Belgium

(h) Helsinki, Finland

(k) London, United Kingdom

(n) Paris, France
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(c) Barcelona, Spain

(f) Copenhagen, Denmark

(i) Kyiv, Ukraine

(1) Moscow, Russia

(o) Rome, Italy

Figure 8: Frames from Veo 3-generated dashcam videos depicting daytime urban traffic scenes in major European cities.
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(a) Sofia, Bulgaria (b) Stockholm, Sweden (c) Tirana, Albania

(d) Vatican City, Vatican (e) Warsaw, Poland (f) Zurich, Switzerland

Figure 9: Frames from Veo 3-generated dashcam videos depicting daytime urban traffic scenes in various European cities.

(a) Havana, Cuba (b) Mexico City, Mexico (c) New York City, United States

(d) Panama City, Panama (e) Toronto, Canada

Figure 10: Frames from Veo 3-generated dashcam videos depicting daytime urban traffic scenes in major North American cities.
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(a) Auckland, New Zealand (b) Funafuti, Tuvalu (c) Suva, Fiji

(d) Sydney, Australia

Figure 11: Frames from Veo 3-generated dashcam videos depicting daytime urban traffic scenes in major cities across Oceania.

(a) Asuncion, Paraguay (b) Buenos Aires, Argentina (c) Lima, Peru

(d) Montevideo, Uruguay (e) Quito, Ecuador (f) Rio de Janeiro, Brazil

(g) Santiago, Chile

Figure 12: Frames from Veo 3-generated dashcam videos depicting daytime urban traffic scenes in major South American cities.
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