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ABSTRACT
While the benefits of open science and open data practices are well
understood, experimental data sharing is still uncommon in the
AutoUI community. The goal of this workshop is to address the
current lack of data sharing practices and to promote a culture
of openness. By discussing barriers to data sharing, defining best
practices, and exploring open data formats, we aim to foster collab-
oration, improve data quality, and promote transparency. Special
interest groups will be formed to identify parameter sets for recur-
ring research topics, so that data collected in different individual
studies can be used to generate insights beyond the results of the
individual studies. Join us at this workshop to help democratize
knowledge and advance research in the AutoUI community.

CCS CONCEPTS
• Human-centered computing → Human computer inter-
action (HCI); • Computing methodologies→ Modeling and
simulation.
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1 INTRODUCTION
There are many benefits to an open science approach. Open sci-
ence, and open data practices in particular, can improve rigor and
reproducibility of research [15], thereby increasing trust in scien-
tific results [1]. Making data and other resources, such as code,
accessible so that experiments can be easily reproduced by other
researchers can significantly improve scientific efficiency and en-
courage collaboration [13, 16]. In addition, open science approaches
make scientific resources accessible, allow a broader community to
participate in research, and make scientific findings more under-
standable to a wider population [2]. They thus contribute to the
democratization of knowledge.

These benefits serve as the main incentives for many academics
to share experimental data and associated materials. While these
practices are standard in fields such as medicine [5, 12] or gov-
ernance [11], sharing data and making code open source is the
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exception, not the norm in the AutoUI community. While there are
some positive examples of researchers making their data and code
available to the research community [4, 17, 18], often, and especially
when it comes to naturalistic driving studies, authors do not share
their data [9, 14, 21]. One reason for this may be that these stud-
ies are often conducted in collaboration with automotive original
equipment manufacturers (OEMs). However, even data collected in
naturalistic driving studies supported by the government that claim
that their data is openly available, such as the SHRP2 Naturalistic
Driving Study [19], present researchers with various barriers (e.g.
to obtain a qualified researcher status) when they attempt to access
the data.

In recent years, many papers presented at the AutoUI conference
have addressed similar topics, such as take-over requests (TORs)
[6, 20], driver distraction [8, 14] or external human-machine in-
terfaces [3, 7]. Thus, there is a huge amount of data, both within
and between individual research labs, that could potentially be
combined into large, structured datasets that would allow addi-
tional analysis beyond the purpose of the work for which the data
was initially collected. Most researchers are aware of the benefits
of open data and open source. For example, in a recent Dagstuhl
seminar on computational models of human-automated vehicle in-
teraction, “requests for open-access and agreed-upon datasets” were
intensively discussed [10]. However, many labs still do not share
their data. The reasons for this are not yet well understood. Some
known issues of concerns are human participant and bystander pri-
vacy, possibilities for individual identification in the age of rapidly
advancing computer vision technology, variance in international
regulation on data collection and distribution, compatibility of data
standards, concerns of generating obligations for future support,
unauthorized redistribution of data, and unanticipated collection
and monetization by uninvolved third-parties.

This workshop aims to change the current silo mentality within
the automotive domain when it comes to data-sharing practices.
Thereby, we want to discuss whether and how such data could be in-
tegrated into a larger open data platform. Such a platform could help
to accelerate research, improve data quality, encourage collabora-
tion, promote transparency, and support accessibility. In particular,
we want to discover (1) the barriers that prevent researchers from
publishing data openly to the wider research community, (2) what
is needed to promote data sharing in our community, (3) define a
set of best practices on how data and code should be shared, and (4)
define open data formats for common research topics that already
exist. We, therefore, plan to set up small ’special interest groups’
around recurring themes (such as the ones listed above) that specify
open data formats in terms of independent and dependent variables.
In particular, we want to identify small but appropriate parameter
sets and develop a small-scale proof of concept that can act as a
seed for a growing open data platform.

2 SCHEDULE AND ACTIVITIES
To progress towards the idea of an open-data platform in the realm
of the AutoUI community, the workshop will be surrounded by pre-
and post-workshop activities. The workshop itself will consist of
three sessions. The tentative schedule and activities are presented

in Table 1, but may be adjusted according to the results of the
pre-questionnaire.

2.1 Before the Workshop
Prior to the event, all participants will be asked to complete a ques-
tionnaire that explores why many labs do not share their data and
what needs to change to encourage data sharing. In this question-
naire, we want to identify the expected advantages and disadvan-
tages of sharing experimental data in the AutoUI domain, and the
reasons why this is not yet the case. In addition, we will ask all
participants to anonymize, document, and prepare a dataset on an
appropriate topic from their research and bring it to the workshop.

2.2 Introduction and Dataset Presentations
After an introduction of the workshop organizers and the antici-
pated topics and outcomes, participants will briefly introduce them-
selves, the data they are working with, and their experience with
open data practices. In addition, some of the organizers will share
their own experiences (both positive and negative) with the topic.

2.3 Group Work 1: Data Formats and Standards
The participants are then divided into different thematic groups
(e.g. driver distraction, TORs, eHMIs). Group members bring their
own data (sub)sets with descriptions and discuss (a) the minimum
viable data content, (b) open questions on anonymization, parame-
ter standardization (e.g. how to define measurement points, which
units to use, etc.) and come up with a proposal on how to make data
collected in different studies comparable. The aim of this activity
is to create a unified description for the relevant topics in order to
synthesize the results of different studies.

2.4 Group Work 2: Actionable Activities
The different groups work on topics related to best practices in
open data that are relevant to the AutoUI community. The major
topics we want to address are:

(1) Documentation and Data Description: How to create a uni-
fied description and how to make datasets comparable?

(2) Data Standards: Set standards for anonymization, quality,
and processing. How to handle small and large datasets?

(3) Community Engagement: How to motivate researchers and
industry partners to share their data?

(4) Platform Discussions: How to share the data? Which plat-
forms are best suited?

2.5 Wrap-Up and Post-Workshop Activities
The post-workshop activities will build upon the results of the
workshop. In particular, we want the participants of the groups that
worked together to merge their datasets according to the formats
that they defined in the respective session. Based on the results,
we will accompany the groups and motivate them to provide a
small-scale evaluation emerging from the novel possibilities. For
example, the group working on TORs could perform a regression
model over the entire data set and publish the results.
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Table 1: Tentative schedule of activities of the workshop

Tentative Schedule Activities

Introduction 09:00 - 9:30
Introduction of workshop topics and pre-workshop-questionnaire
Introduction of organizers
Self-introductions

Session 1 09:30 - 10:00 Presentation of existing efforts towards open data sharing
Coffee Break 10:00 - 10:15 -
Session 2 10:15 - 11:30 Group Work 1: Data formats and standards for individual topics
Coffee Break 11:30 - 11:45 -
Session 3 11:45 - 12:30 Group Work 2: Actionable activities to develop best practices for data sharing
Closing 12:30 - 13:00 Presentations and wrap-up

3 ATTENDANCE
We are planning for a half-day workshop and expect about 20 partic-
ipants (excluding the organizers). We will reach out to researchers
and practitioners who may be interested in the workshop topic
(in particular attendees from industry), in addition to the regular
AutoUI participants. Also, the number of participants may vary
depending on the format of the workshop.

4 EXPECTED OUTCOME
In addition to publishing the results of the event on the dedicated
workshop website1, we will provide a data upload (e.g., a GitHub
repository) where examplary datasets can be uploaded in the data
formats identified during the workshop. We hope that our efforts
will lead to a set of best practices for promoting open data in our
community. Accordingly we aim to publish a white paper on best
practices for data description and data sharing in AutoUI research.
In the long run, this event will encourage collaboration between
research labs working on similar topics, allow novel comparisons
and evaluations of the collected data, and generate publications for
future ACM AutoUI conferences.
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